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ABSTRACT

Among investorsof cryptocurrencies there are supporters anddetractors; this claims for the
identification of the behavioral and socio-demographic factors that push to invest (or not)
in cryptocurrencies. A survey has been administered to 275 Italian investors. Together with
socio-demographic features (gender, income, age, andeducation), behavioral factorsderived
fromthetheoryofplannedbehavior(attitude,subjectivenorm,andperceivedcontrolbehavior)
and from the financial behavior literature (illegal attitude, herding behavior, perceived risk,
perceived benefit, and financial literacy) have been collected and analyzed. While attitude,
illegalattitude,subjectivenorms,perceivedbehavioralcontrol,herdingbehavior,andperceived
riskhaveapositive impacton investors’ intentions.Socio-demographicfactorsandfinancial
literacyhavenoinfluenceontheintentiontoinvestincryptocurrencies.Thisisthefirststudy
thatcomprehensivelyinvestigatestheinfluenceofbehavioralandsocio-demographicfactorson
theintentionofinvestorstoinvestincryptocurrencies.
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1. INTRodUCTIoN

Recent years have seen the development of many cryptographic currencies, also known as
“cryptocurrencies”;thus:digitalrepresentationofvaluethatcanbeexchangedonlineforgoodsand
servicesaswellas forspeculation(Lewis,2018).Thefirstcryptocurrency tobe introducedwas
Bitcoinin2008bySatoshiNakamoto(2019).Sincethen,approximately7000othercryptocurrencies
havebeenintroduced,about3000ofwhich(e.g.,DashRipple,Ethereum,LiteCoin,Monero,Tether,
andZerocash)areactivelytradedtoday.ManyofthemarebasicallyclonesofBitcoin,althoughwith
differentparameterssuchasdifferentsuppliesandtransactionvalidationtimes;others,instead,emerged
from significant innovations of blockchain technology (e.g., electronic supplementary material)
(ElBahrawyetal.,2017).However,Bitcoincurrentlydominatesthemarketwithacapitalizationof
about600BU.S.dollarsasatJanuary2021(Coinmarketcap,2021).

Briefly,cryptocurrenciesworkusinga technologycalledblockchain:adecentralizedsystem
spreadacrossmanycomputersthatmanagesandrecordstransactions;inpractice,thissystemworks
asapublicledger(DuPont,2019).Thankstothat,individualuserscansendandreceivenativetokens,
the‘virtualcoins’,whilecollectivelyvalidatingthetransactionsviatheblockchain(Lewis,2018).

Stemmingfromtheaboveinnovativetechnology,therearesomeimportantbenefitsofexchanging
cryptocurrencies(DuPont,2019):i)thecapacitytotransferandtradeconsiderableamountsofmoney
anonymouslyandquicklyacrosstheInternet;ii)thegovernmentalfreedesign, iii) thedecentralized
processingandrecordingsystemthatcanbemoresecurethantraditionalpaymentsystems,andiv) 
thepresenceofverylowtransactioncosts.Ontheotherhand,accordingtothereviewofCorbetet
al.(2019),therearethreecontroversialfeaturesofcryptocurrencies:i) theyarenotdomiciledina
specificcountry,leadingtoahugeproblemofdefiningaregulatoryalignment,ii) anonymityofusers,
lackofintermediaryfinancialinstitutions,andthecontemporaryescalationintheuseofdarknet
allowingcybercrimeactivitiessuchasmoney-laundering(seeAlbrechtetal.,2019;Choo,2015).

Due to these positive and negative facets of cryptocurrencies, Corbet et al. (2019; p. 190)
highlightedtheir“mainattractionappearingtobesourcedintheirroleasaspeculativeasset”(see
alsoGlaseretal.,2014).Thisisalsosupportedbythefactthat70%ofexistingBitcoinsareheld
indormantaccounts(Weber,2016)andthatcryptocurrenciesseemtoexhibitspeculativebubbles
(Ammous,2018;CheahandFry,2015;Madey,2017).

Fromtheabove,cryptocurrenciescanbeperceivedasanopportunityorasathreat,leadingto
identifytwomaingroupsofcryptocurrencyaudienceamonginvestors(Yelowitz&Wilson,2015):i)
supporters(e.g.,BlytheMasters,formerManagingDirectoratJ.P.MorganChase&Co.;Investopedia,
2019)whowanttoinvestinthemandbelieveintheirspeculativepower,andii) detractors(e.g.,Ray
Dalio,BridgewaterAssociatesfounder;Forbes,2020)whoforecastabubbleforcryptocurrenciesdue
totheirnear-to-zerorealvalue.Despitethefactthatbothgroupsareformedbyrecognizedinvestors,
thequestionistoidentifywhatinnerfactorsdiscriminatethem.Inthisvein,theresearchquestionat
thebasisofthisworkis:what are the behavioral and socio-demographic factors that influence the 
intention to invest in cryptocurrencies? Thisquestionhasbeenalreadyansweredinsometerms,but
scholarshavereachedcontrastingresults.Forexample,Arias-Olivaetal.(2019)foundthatsocial
influenceandperceivedriskdonotaffecttheintentiontoinvestincryptocurrencies,whileother
scholarsfoundcontradictoryfindings(e.g.,Bannieretal.,2019;Lammeretal.,2019;Pelsteretal.,
2019).

To answer the above-introduced lively research question, the Theory of Planned Behavior
(TPB)lens(Ajzen,1991;Montano&Kasprzyk,2015)wasadopted.TheTPBpostulatesthatthere
arethreefactorsthatleadtotheintentiontoperformanaction:the‘attitude’towardstheeffectof
theaction,the‘subjectiverule’–thustheperceptionthatagivenbehaviorisorisnotexpectedto
besignificanttoanindividual–,andtheperceivedbehavioralcontrolinperformingtheintended
behavior.Moreover,asaresultofinterviewsconductedwithfourItaliancryptocurrencyspecialists
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withexperience incryptocurrency tradingatbothnationaland international level, the following
financialbehaviorvariablesplayingapivotalroleincryptocurrencyinvestmentdecisionshavebeen
addedtothestudy:herdingbehavior(Merli&Roger,2013),perceivedrisk(Weber&Milliman,
1997),illegalattitude(Narayananetal.,2016),andfinancialliteracy(Fernandesetal.,2014).Finally,
somesocio-demographiccharacteristics–i.e.,gender,age,education,andincome–havealsobeen
analyzedtofindoutwhethertheyinfluencetheintentiontoinvestincryptocurrencies(inlinewith
priorworks,seeMaulaetal.,2005;Warsame&Ireri,2016).

Apaper-basedsurveyadministeredto275Italianindependentinvestorswascarriedoutcollecting
data on their behavioral predispositions and their socio-demographic features according to the
introduceddesign.Evidencewasthenanalyzedthroughfactoranalysis,t-test,AnalysisofVariance
(ANOVA),andmultiple linear regressionanalysis.Resultsshowed thatwhile (positive)attitude,
subjectivenorms,andperceivedcontrolbehaviorhaveapositiveimpactoninvestors’intentionsto
investincryptocurrencies,socio-demographicfeatureshavenoinfluence.

Inbrief,thisstudyunveilstheinfluencingroleplayedbybehavioralfactorsandsocio-demographic
characteristicsontheintentiontoinvestincryptocurrencies;indoingthat,thisworkaddsevidence
thatsupportstheinfluenceofspecificbehavioralvariablesthatwerenotrecognizedassignificantin
otherpriorstudies,suchassocialinfluenceandperceivedrisk(Arias-Olivaetal.,2019).Moreover,
thepresentedresultscompletepriorinvestigationsontherelationshipbetweenbehavioralfactorsand
socio-demographiccharacteristics–regardingtheintentiontoinvestincryptocurrencies–duetothe
inclusionofamorecompletesetofplayingvariables(e.g.,Gazalietal.,2019;whodidnotinclude
theperceivedcontrolbehaviorvariableatthebasisofTPB).Amongthem,itisworthnoticingthe
additionofthe‘illegalattitude’variable,whichisabletoinvestigateifinvestmentincryptocurrencies
isdrivenby thewillingnessof investors tostoremoneyoutside trackedand legalchannelsor to
undertakeillegalactivitiesthroughcryptocurrencies.

Thepresentedresultsareofhighinterestforpolicymakers,cryptocurrencyadministrators,and
bankmanagers/shareholderswhoareinterestedinfostering(becauseofthefastandpubliclyshared
transactionprocess)or limiting(becauseof thepossibilityofmoneylaundering) theadoptionof
cryptocurrencies.Moreover,financialbehaviorscholars(e.g.,Chuenetal.,2017;Kengatharan&
Kengatharan,2014;Nagy&Obenberger,1994)canbenefitfromtheresultsofthisworktoexpand
onpriormodelsdescribingindividualinvestorbehavioraccordingtobehavioralfactorsandsocio-
demographicfeatures(Senarathne,2019).

2. THEoRETICAL BACKGRoUNd

2.1 Factors Influencing the Intention to Invest in Cryptocurrencies
Aspreviouslyintroduced,somescholarshavealreadyinvestigatedthefactorsthatinfluenceinvestment
incryptocurrencies.Inthisregard,LiandWang(2017)firsthighlighted,throughatheory-driven
empirical study of the Bitcoin exchange rate (against USD) determination, that investment in
cryptocurrenciesishighlysensitivetoeconomicfundamentals(e.g.,economicindicatorsoftheforeign
countrysuchasinterestrate,transactionvolumeofcryptocurrencies,andpricevolatility).However,
thisstudywasconductedwithoutdirectlyaskinginvestorsaboutthedeterminantsthatpushthem
toinvestincryptocurrenciesornot,butitwasreliantonsecondarydataonstockexchanges.The
samepitfallissharedbyanumberofotherstudies,suchasSohaibetal.(2019)whoadministereda
questionnaireto160graduateandundergraduatestudentsandstaffattheUniversityofTechnology
Sydney, and Shahzad et al. (2018) who collected responses from 376 randomly chosen people.
Apartfromthelackof investorsamplingamongthediscussedstudies,noneadoptedaclearand
recognizedmodel,suchastheTheory of Planned Behavior,whichclearlylinksbehavioralfactors
withtheintentiontoinvest.
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2.2 Theory of Planned Behavior (TPB) and the 
Intention to Invest in Cryptocurrencies
TheTheory of Planned Behavior(TPB)wasfirstlyelaboratedbyAjzen(1991)asadevelopmentof
theTheory of Reasoned Action(TRA).AccordingtotheTPB,theorganizationalagent’sintention
topursueanactioncanbepredictedbylookingat:a) attitudetowardstheeffectoftheactionand
thebeliefthattheactionwillleadtoacertaineffect;b) subjective norm(knownasnormative belief)
–theperceptionthatagivenbehaviorisorisnotexpectedtobesignificanttoanindividual(e.g.,
family),andc) perceived behavioral control –thebeliefsofhowwelltheindividualcanconduct
coursesofactionrequiredtodealwithfuturesituations.Inthisregard,theTPBsignificantlydiffers
fromtheTRAbecauseoftheinclusionoftheperceivedbehavioralcontrolvariable,whichhasbeen
demonstrated,leadingtobetterpredictionsintermsoflikelihoodoftransforminganintentionina
behaviorratherthantheformer(TRA)(Chang,1998;Maddenetal.,1992).

In general, TPB has been used frequently in a wide range of behavioral research, such as
anticipating intentionality of customers to choose banking products, entrepreneurial intentions
ofyoung researchers,household financing, consumer intentions tobuygreenproducts (Feolaet
al., 2019).Theonly study that attempted to examine the intention to invest in cryptocurrencies,
accordingtoarecognizedbehavioralmodeltopredictintentions,istheonebyGazalietal.(2019),
whoadoptedtheTRAdespiteitsrecognizedlimitsandfurtherdevelopments.Inparticular,Gazali
etal.(2019)analyzedtherelationshipbetweenattitudes,subjectivenorms,financialrisktolerance
andperceivedbenefitsfrom(thelasttwohavebeenconvenientlyaddedtothemodel)theintention
toinvestinBitcoin,findingapositiveinfluencefromallofthemintheintentiontoinvest.However,
asintroduced,theirresultswerenotsatisfactory,mainlyduetothesmallsampleofrespondents(i.e.,
45)andfromnothavingsampledinvestors.

The reported positive influence of attitude of individual investors on cryptocurrencies can
be explained by the aspired level of financial stability that investors seek through investments,
substantiating,de facto,arisktolerantpredisposition.Intheirrecentwork,Mendoza-Telloetal.(2018)
administeredaquestionnaireto125participants(consistingofuniversityandpostgraduatestudents
(52%), professors (8%), business managers (10%), company employees (25%), and government
workers(5%))andempiricallydemonstrated thatseeingsomebenefits inusingcryptocurrencies
elicitstheirintentiontoinvestinthem.

Fromthat:

H1:Attitudepositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies

Behavioral financescholarshave investigated the influenceof subjectivenorms through the
application of the TPB lens for the investigation of how investment decisions are made. In this
regard,Arias-Olivaetal.(2019)didnotfindanysignificantinfluenceofthisvariableconcerning
theintentiontoinvestincryptocurrencies.Otherscholars,instead,foundthatinvestors’choicesare
oftenmadeaccordingtotherecommendationsprovidedbycolleagues,friends,andrelatives;infact,
sometimes,thesesuggestionsareintentionallysoughtbypeersforinvestmentdecisions(Sondari&
Sudarsono,2015).However,thesubjectivenormcanbealsoelicitedbythecultureinwhichinvestors
areembedded,asdemonstratedbyWarsameandIreri(2016)wheninvestigatingthebehavior(using
theTPB)ofinvestorstowards“shariacompliant”bonds(i.e.,Sukuk).Insum,subjectivenormsseem
tohavetheabilitytoincreasinglyputpressureoninvestorsinordertoact(i.e.,positiveinfluence)and
todoitinacertainway;thisinfluenceisnotconveyedonlythroughverbalorwrittencommunication,
butitcanhappenalsobywatchingorinteractingwiththebehaviorsofothers(Ali,2011).Therefore,
hypothesis2couldbestatedasfollows:

H2:Subjectivenormpositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies
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Inhisstudyontheintentiontoinvestincompanies’stocks,Ali(2011)operationalizedperceived
controlbehavioras theeasinessofcarryingoutaparticularbehavior; inparticularregardingthe
availabilityoftimeandskillstoevaluatethecompanyandmoneytoinvest.Inparticular,hefound
a positive influence of perceived control behavior on the intention to invest. The same positive
influence,usingsimilaroperationalizations,hasbeenfoundbyArias-Oliva(2019)wheninvestigating
cryptocurrencyadoptioninSpain–however,withoutsamplinginvestors–aswasthecaseforShahzad
etal.(2018)inChina.Therefore,hypothesis3couldbestatedasfollows:

H3:Perceivedcontrolbehaviorpositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies

Finally, a series of studies implementing the TPB in investment decisions – besides the
investigationofthepropervariablesofthetheory–lookedattheinfluenceofsocio-demographic
characteristicsontheintentiontoinvestinfinancialproducts.Inthisvein,itmustberegisteredthat
thereisnoscientificuniformityabouttheabove-definedinfluences.Ontheonehand,afewstudies
foundthatgender,age,education,andincomedonotsignificantlyinfluencetheintentiontoinvest
in cryptocurrencies.This clearlyemerged from the studyofMaulaet al. (2005)onmicro-angel
investments,andfromWarsameandIreri’s(2016)studyaboutthebehavioralintentiontouseSukuk;
thelattergenerallyfoundthattherewerenosignificantmoderatingeffectsoninvestmentintention
basedongender,age,andlevelofeducation.Ontheotherhand,alargerseriesofrecentstudies,
morefocusedoncryptocurrencies,discoveredthatasignificantdifferenceinthesocio-demographic
characteristicsamonginvestorsmaylieingender.Indeed,accordingtoLammeretal.(2019)and
Hassoetal.(2019),itismenandnotwomenwhoinvestmoreincryptocurrencies;bothstudiesjustify
theseresultswiththesupposedhighergradeoffinancialliteracyofmen(heremeantas“thedegree
towhichoneunderstandskeyfinancialconceptsandpossessestheabilityandconfidencetomanage
personalfinances”;Remund,2010;p.284).Insupportofthislaststatement,Bannieretal.(2019)
haveclaimedthatwomenpossessweakerknowledgeregardingthecharacteristicsofBitcoincompared
tomen,whichisinlinewiththefindingofLusardiandMitchell(2008)whodiscoveredthat,on
average,USwomenhavelow/verylowlevelsoffinancialliteracy.Hence,itcanbehypothesizedthat:

H4a:Menaresignificantlymorelikelythanwomentoinvestincryptocurrencies
H4b:Therearenosignificantdifferencesinthemeanstoinvestincryptocurrenciesacrossagesegments
H4c:Therearenosignificantdifferencesinthemeanstoinvestincryptocurrenciesacrosseducation

segments
H4d:Therearenosignificantdifferencesinthemeanstoinvestincryptocurrenciesacrossincome

segments

2.3 Factors Influencing Cryptocurrency Investment Intentions
Aspointedoutwithintheintroduction,andthankstotheinterviewswithfourItaliancryptocurrency
specialists,thisstudyincludesotherbehavioralfactors,apartfromthosepresentintheTPB;this
enhances,de facto, theexplanatorypowerof theTPBand theadoptedprocedure is in linewith
similarstudiestryingtoidentifythebehavioraldriversofcryptocurrencyinvestors(seeArias-Oliva
etal.,2019).Inthisvein,Narayananandcolleagues(2016)conceptuallyadvancedthatinvestorsin
cryptocurrenciesmaybeattractedbytheirabilitytofinanceillegalactivitiesandpracticeswithout
beingtraced,duetotheanonymityprovided;duetothelatter,taxevasionisanotheremergingbig
concernforregulators.ThishasbeenrecentlysupportedalsobyDyntuandDykyi(2018)through
ananalysisofhistoricalstagesofcryptocurrencycreationandcasesofmoneylaundering,where
criminalswhousedcryptocurrencyhavebeenidentifiedandchargeshavebeenpressed;itresulted
inanonymityanddecentralization,i.e.,thetwomaininnovativefeaturesofcryptocurrencies,which
arethecharacteristicsthatpushpeopletousethemforillegalactivities(Joy,2018).Fromthat:
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H5:Illegalattitudepositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies

Herdingbehaviorcanbedefinedastheattitudeofoneindividual(e.g.,aninvestor)inimitating
theactionscarriedoutbyotherpeople(Merli&Roger,2013);inourcase,othercryptocurrency
investors.Forthesakeofclarityofthisstudy,followingSun(2013)(seealsoPhan&Zhou,2014),
it is worth acknowledging the distinctions occurring between herding behavior and subjective
norms’constructs.Inparticular,thesetwodifferon:i) informationsources(subjectivenormcomes
fromone’sreferencegroupwhileherdingbehaviorhasamuchbroaderinformationsource);ii)the
motivationsbehindaction(forthosewhocareaboutsocialnorms,thereisanexpectationthatthe
adoptiondecisionmaylaterbejudgedbythereferencegroup,whilepeopleimplementingaherding
behaviordonotcareaboutjudgmentbyothers);andiii)themannerinwhichinformationhasbeen
obtained(forthosewhocareaboutsocialnorms,informationsourcesdependprimarilyonmessages
receivedfromothers,whilepeopleimplementingaherdingbehaviordependsonobservationsof
otherpeople’sbehavior).

Stemmingfromthepremisesabove,thefollowinghasbeenproducedwithregardtoherding
behaviorandcryptocurrencies.KengatharanandKengatharan(2014)anddaGamaSilvaetal.(2019)
undertookanindirectanalysis(basedoncross-sectionalabsolutedeviation(CSAD)andcross-sectional
standarddeviation(CSSD)tests)ofthe50mostliquidandcapitalizedcryptocurrencies,andfound
that cryptocurrency investors tend to followandcopywhatother investors aredoingwithin the
cryptocurrencymarket–leadingtotheexcessofvolatilityandshorttermtrendsthatfeatureinthis
market,orbetter,thatcharacterizethismarket(Liu&Tsyvinski,2018).Resultsofthisstudyhave
beenlatersupportedbyCoskunetal.(2020)andGurdgievandO’Loughlin(2020)–despitethefact
theydidnotdirectlytestthisbehavioralvariableinthesamewayasdaGamaSilvaetal.(2019).

H6:Herdingbehaviorpositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies

DespiteArias-Olivaetal.(2019)notfindinganysignificantinfluenceofperceptionofriskon
theintentiontoinvestincryptocurrencies,inanempiricalresearchcomparingcharacteristicsand
behaviorofcryptocurrencyandnon-cryptocurrencyinvestors,Lammeretal.(2019)foundthatthe
formeraremoreactivetraders(9.0versus2.0tradespermonth).Inaddition,theytakemorerisksin
thecompositionoftheirportfoliosbyholdingsinglestocks,equityderivatives,andwarrants.This
ismaybeduetothefactthatcryptocurrencyinvestors’behavior,asdemonstratedbyLammeretal.
(2019)andAlooshandOuzan(2020),appearstobeinfluencedjustinasmallpartbyapricebias.
Yet,Pelsteretal.(2019)found,byrecurringtotheanalysisofindividualbrokeragedata,thatthe
overallbehaviorofcryptocurrencyinvestorsisdrivenbyexcitement-seeking;inparticular,when
engagingincryptocurrencytrading,investorssimultaneouslyincreasetheirrisk-seekingbehaviorin
stocktradingastheyincreasetheirtradingintensityanduseofleverage.Accordingly:

H7:Perceptionofriskpositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies

Inordertoexplainthegendergapintheknowledgeofcryptocurrencycharacteristics,Bannier
andcolleagues(2019)foundthatmeasuresforactualfinancialliteracyaccountsforapproximately
40%ofthegendergapinBitcoinliteracy.Thisproposesfinancialliteracyasanexplanatoryvariable
ofthebehaviorofinvestorstowardscryptocurrencies–inlinewithotherworksassigningvaluetothe
financialliteracyvariabletoexplainthewillingnesstoinvestinfinancialassets(Stolper&Walter,
2017).However,thesamewasnotfoundbyArias-Olivaetal.(2019),whoseempiricalanalysisof
financialbehaviorvariablesinfluencinginvestors’behaviorshowedthatfinancialliteracydidnot
haveasignificantinfluenceontheintentiontoinvestincryptocurrencies.Thislastresultisincontrast
withtheimportantdiscoverybyLusardiandMitchell(2014),whofoundapositiveresultforthis
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relationshipthroughtheirreviewofempiricalpapersandtheirresultantfindingsontheinfluenceof
financialliteracyoneconomicdecisionmaking.Accordingly:

H8:Financialliteracypositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies

TheresearchmodeltobetestedissummarizedintheFigure1.

3. METHodoLoGy

In linewithpreviousstudies (e.g.,Arias-Olivaetal.,2019;Shahzadetal.,2018), toanswer
theresearchquestionatthebaseofthisstudy,apaper-basedsurveywasdeveloped.Inorderto
buildthequestionnaire,first,fourItaliancryptocurrencyspecialists–i.e.,aCEOofatrading
platform,ablockchainengineer,anexpertjournalistoncryptocurrencies,andacryptocurrency
philosopher–withmorethan5years’experienceincryptocurrencytradingatbothnationaland
internationallevel,werethesubjectsofaninterview.Inparticular,thesemi-structuredinterview
startedwithgeneralquestions,attheindividuallevel,andwiththeresearchquestionofthiswork
“what are the behavioral and socio-demographic factors that influence the intention to invest in 
cryptocurrencies?”.Transcriptsoftheanswerstothisuniquequestionwerethematicallyanalyzed
inaninductiveway(Braun&Clark,2006).Ingeneralterms,thematicanalysisisawidelyused
qualitativeresearchtechniqueconsistingofanalyzingwritten,verbal,orvisualcommunication
messages.Inparticular,theinductivethematicanalysis,bywhichnewthemesarefreetoemerge
without the use of an initial codebook, has been implemented (Boyatzis, 1998). Inter-rater
reliabilityamongresearchershasbeenhigh(Cronbach’salpha=0.92)and,similarlytoother
studies(Cristofaroetal.,2020),whendisagreeing,togethertheydeepenedtheanalysisinorder
toemergewithasharedvisionofthesentencemeaningandrelatedtheme.

Figure 1. The research model
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Fromtheaboveinductivethematicanalysis,itemergedthatherdingbehavior,perceivedrisk,
andfinancialliteracywereimportantvariablestoconsiderwhenassessingtheintentiontoinvestin
cryptocurrencies.Asuggestionwasalsomadeofinsertinganopen-endedquestiononhowmany
hoursperweektheinvestorsusuallyspendontradingtoverifyiftheydosoonaregularbasis.To
establishreliabilityandvalidityofthequestionnaire,thelatterwasinitiallyadministeredtoaninitial
sampleof25financialinvestorsandverifiedbeforeitwasutilizedforthesurvey.Cronbach’salpha
wasusedtomeasurereliabilityofrandomerrorsresultingin0.822,whichindicatedahighlevelof
accuracy.Subsequently,thequestionnairewasprintedandadministered,inpersonandone-to-one,to
theparticipantsofthebiggestItalianeventdedicatedtoblockchainandcryptocurrency:Blockchain
WeekRome2020.Recruitingparticipantsfromspecializedconferences/workshops/eventsisadata
collectionmethodthathasalreadybeenprovedtobesolidforfindinginformedrespondents(e.g.,
Guestetal.,2013).Intotal,361responseshavebeencollectedand275qualifiedfortheanalysis;
thoseeliminatedwereduetoincompleteanswerstoanyofthequestions.Thedemographicvariables
ofindependentinvestorsarereportedinTable1.

AccordingtoTable1,therespondentswere57%(n=157)menand43%(118)women.Regarding
age,themajorityofparticipantswere28-38(44%)yearsold,followedby38-48(27%)yearsold,
18-28(20%)yearsold,andabove48(9%)yearsold.Thelargestshareoftherespondents(60%)had
ahigheducationdiploma(Bachelor’sdegree),while,with regard to income, themajorityof the
participants(54%)haveassertedtoearnbetween10.000€to30.000€peryear.Alloftherespondents
haveaffirmedtoinvestingandtradingregularly:onaverage,30hoursperweekwerespentontrading.

Aspreviouslystated,thesurveywasconstructedonthemainbehavioralvariablesoftheTPBand
otherimportantresearchreportedinthefinancialbehavioralliterature.Inparticular,thefollowing
variableshavebeeninsertedinthequestionnaire:i.e.,attitude(5items)fromBryne(2005)andGanzach
etal.(2008),subjectivenorms(3items)fromGazalietal.(2019),perceivedbehavioralcontrol(4
items)fromShahzadetal.(2018)andArias-Olivaetal.(2019),herdingbehavior(3items)from

Table 1. Description of sample data

Characteristics Count Percentage

Gender
Men 157 57%

Women 118 43%

Age

18-28 55 20%

28-38 121 44%

38-48 74 27%

Above48 25 9%

Education

Highschool 14 5%

College 28 10%

Bachelor’sdegree 164 60%

Master’sdegree 66 24%

Ph.D. 3 1%

Income

Lessthan10,000€ 28 10%

From10,000€to30,000€ 148 54%

From30,000€to50,000€ 71 26%

From50,000€to70,000€ 14 5%

Above70,000€ 14 5%
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KengatharanandKengatharan(2014),perceivedrisk(3items)fromFaqih(2016),financialliteracy(2
items)fromHastingsetal.(2013),illegalattitude(3items)adoptedfromWangandMcClung(2011),
andintentiontoinvest(5items)fromAli(2011)andChenetal.(2016).Itisalsoworthnoticingthat,
followingthemethodologicalinstructionsofMcNeeley(2012)fordesigningquestionnairesdealing
withsensitivetopics,itemspertainingtoillegalattitudehavebeenposedinthethirdperson.The
finalversionofthesurveywascomposedof28closed-endedquestions,allbasedonafive-point
Likertscale,anopen-endedquestiononthenumberoftradinghoursperweek,andasectionaimed
atcollectingthefollowingsocio-demographiccharacteristicsofinvestors:gender,age,education,
andincome.ItemsofthesurveywereadministeredinEnglishtoavoidtranslationproblems;inthis
regard,participantsinthesurveywerepre-warnedwhenapproachedandwereformallyaskedifthey
feltconfidentintakingthequestionnaireinEnglish.

Finally,aftercollection,thedatawerecleanedandenteredintoSPSSIBMversion20fordata
analysis;thisisawidely-usedprogramfordataanalysisinscientificresearch(Field,2013),andalso
fortheinvestigationofbehavioralandsocio-demographicvariables(e.g.,Abatecola&Cristofaro,
2016).Inparticular,followingtheindicationsbyHairetal.(2014),thedataanalysisconsistedof
factoranalysis,t-test,AnalysisofVariance,andmultiplelinearregressionanalysis.

4. RESULTS

4.1 Factor Analysis and Reliability Analysis
Firstly,aPrincipalComponentAnalysis(PCA)(withVarimaxrotation)wasimplementedtoverifythe
dimensionsinthescales.PCAisavariablereductiontechnique:alargesampleofobservablevariables
(thatcanbemeasureddirectly)isempiricallyreduced–throughaso-calledlineartransformation–in
fewerlatentvariables,whicharealinearcombinationofweightedobservedvariables(Field,2013).
ResultsofthePCAareshownasfollows:

Toconductareliabilityanalysis,Cronbach’salphaanalysiswasusedforeachfactor.Table2shows
thatallvaluesofCronbach’salphawere>0.6andallvaluesofcorrelateditem-totalcorrelationfor
eachitemwere>0.3,suggestingthatallfactorsarereliableandcouldbeusedforsubsequentanalysis.

TheresultsofKMOandBartlett’sTestshowedthattheKaiser-Meyer-Olkin(KMO)measureof
samplingadequacywas0.844(whichishigherthantheusuallyrequired0.5).Similarly,Bartlett’stest
ofsphericityalsoshowedsignificantresults(p<0.05).Allthestandardizedloadingsofthevariables
weregreaterthan0.7andsignificant(Table3).

Table 2. Cronbach’s alpha analysis result

Factor Item Item-total 
Correlation Cronbach’s alpha

Attitude AT1,AT2,AT3,AT4,AT5 0.561–0.611 0.811

Subjective norm SN1,SN2,SN3 0.533–0.607 0.732

Perceived behavioral control PBC1,PBC2,PBC3,PBC4 0.600–0.712 0.855

Illegal attitude IA1,IA2,IA3 0.712–0.706 0.722

Herding behavior HB1,HB2,HB3 0.611–0.709 0.788

Perceived risk PR1,PR2,PR3 0.672–0.744 0.822

Financial literacy FL1,FL2 0.679–0.711 0.804

Intention to invest INV1,INV2,INV3,INV4,INV5 0.724–0.883 0.928
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Table 3. PCA analysis result

Rotated Component Matrixa

Questions substantiating variables Items
Component

1 2 3 4 5 6 7 8

Usingcryptocurrencieswillincreasemy
opportunitiestoachieveimportantgoalsforme AT1 0.687

Usingcryptocurrencieswillhelpmeachievemy
goalsmorequickly AT3 0.622

Usingcryptocurrencieswillincreasemystandardofliving AT5 0.601

Thepeoplewhoareimportanttomewillthinkthat
Ishouldinvestincryptocurrencies SN2 0.712

ThepeoplewhoinfluencemewillthinkthatI
shouldinvestincryptocurrencies SN1 0.701

PeoplewhoseopinionsIvaluewouldlikemeto
investincryptocurrencies SN3 0.699

Ihavethenecessaryresourcestoinvestin
cryptocurrencies PBC5 0.812

Ihavethenecessaryknowledgetoinvestin
cryptocurrencies PBC3 0.722

Cryptocurrenciesarecompatiblewithother
technologiesthatIuse PBC1 0.701

IcangethelpifIhavedifficultyinvestingin
cryptocurrencies PBC4 0.676

Icanusecryptocurrenciesfornon-legalactivities IA1 0.655

Usingcryptocurrencieswillhelpmeinmaskingmy
identityintransactions IA2 0.623

Usingcryptocurrencieswillhelpmeinhiding
moneyratherthanusingothertraditionalchannels IA3 0.592

Otherinvestors’decisionsofinvestingin
cryptocurrencieshaveanimpactonmyinvestment
decisions

HB1 0.732

Otherinvestors’decisionsofthecryptocurrency
volumehaveanimpactonyourinvestmentdecisions HB3 0.656

Otherinvestors’decisionsofbuyingandselling
cryptocurrencieshaveanimpactonmyinvestment
decisions

HB2 0.633

Investingincryptocurrenciesisrisky PR3 0.912

Thereistoomuchuncertaintyassociatedwiththe
investmentincryptocurrencies PR1 0.901

Comparedwithothercurrencies/investments,
cryptocurrenciesareriskierduetotheirhighvolatility PR2 0.876

Ihaveagoodleveloffinancialknowledge FL1 0.763

Ihaveahighcapacitytodealwithfinancialmatters FL2 0.665

Iintendtoinvestincryptocurrencies INV1 0.903

IpredictthatIwillinvestincryptocurrencies INV2 0.922

Iwillinvestincryptocurrenciesonaregularbasis INV3 0.894

Ibelieveusingcryptocurrenciestotimelyfulfilmy
obligations INV4 0.842

Iintendtousecryptocurrenciesasanalternative
meansofinvestment INV5 0.812

Extractionmethod:PrincipalComponentAnalysis.RotationMethod:VarimaxwithKaiserNormalization.Explainedvariation%=71.3%.
a.Rotationconvergedin6iterations.
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Kaiser’scriterionbasedoneigenvaluessuggestedthatallfactorshavetoberetained.Thissolution
explained71.3%ofthetotalvariationoftheintentiontoinvest,whichconfirmsthecorrectstatistical
functioning(similartoArias-Olivaetal.,2019).

4.2 Correlation Analysis and Multiple Linear Regression
Acorrelationanalysiswasinitiallyperformedtoascertainhowthedependentvariablecorrelateswith
otherindependentfactorsincludedinthestudy.Thedependentvariableistheinvestorintentionto
investincryptocurrencies(INV),whiletheindependentpredictorsareattitude(AT),subjectivenorms
(SN),perceivedbehavioralcontrol(PBC),illegalattitude(IA),herdingbehavior(HB),perceived
risk(PR),andfinancialliteracy(FL).

Resultsofpairwisecorrelationamongthedependentvariable(INV)withindependentvariables
(AT,SN,PBC,IA,HB,PR,andFL)highlightthatINVissignificantlycorrelatedtoallindependent
variables except for FL. Therefore, these independent factors could be used for multiple linear
regressionanalysis.Multiplelinearregressionanalysisisamethodusedtoidentifythestrengthof
theeffectthatindependentvariableshaveonadependentvariable(Field,2013)tounderstandhow
muchthelatterwillchangewhenindependentvariablesaremodified.Inthisstudy,multiplelinear
regressionisusedtofindthesignificantindependentfactorsthatinfluencetheintentiontoinvest
incryptocurrencies.Thethreeindependentvariablesandthedependentonewereenteredintothe
regressionmodel.

Table 4 highlights the summary statistics of the fitted model. The analysis depicts that the
modelR-squareis71%,whichmeansthemodelestimationhasahighandgoodfit.Thevaluesof
R-square showed that all the independentvariables explained71.3%of thedependentvariable’s
variation(INV).TheresultsoftheANOVApresentedaretotestthemodel’soverallsignificance.
Thep-valuefortheF-statisticANOVAis0.000,lessthan0.01,therefore,itwasconcludedthatthe
overallmodelissignificant.Itcanalsobeconcludedthatallcoefficientssignificantlydifferfrom
zero,simultaneously(Table5).

Table 4. The regression analysis result – model summary

Model R R Square Adjusted R 
Square

Std. Error of 
the Estimate Durbin-Watson

1 .802a .663 .660 .57436755 1.932

a.Predictors:(Constant),AT,IA,SN,PBC,HB,PR,FL

Table 5. The regression analysis result – model estimation

Model
Unstandardized Coefficients Standardized Coefficients

t Sig.
B Std. Error Beta

1

(Constant) 0.422 0.412 1.011 0.201

AT 0.776 0.031 0.622 8.722 0.000

PBC 0.122 0.034 0.122 1.943 0.011

SN 0.121 0.066 0.121 2.222 0.030

IA 0.435 0.032 0.234 3.221 0.001

HB 0.412 0.033 0.233 1.001 0.007

PR 0.755 0.077 0.545 8.987 0.000

FL 0.333 0.022 0.131 2.331 0.321
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Theindependentvariables(AT,SN,PBC,IA,HB,PR,andFL)havep-valuesof0.000,0.011,
0.030,0.001,0.007,0.000,and0.321,respectively,i.e.,they–exceptforFL–significantlyinfluence
INVinapositiveway(beta=0.622,beta=0.122,beta=0.121,beta=0.234,beta=0.233,beta=
0.545,andbeta=0.131).Fromthat,thefollowinghypothesesaresupported:H1,H2,H3,H5,H6,
H7,whileH8isrejected(Table6).

4.3 Impact of demographic Factors
Asgenderisdichotomous,at-testfortwoindependentsampleswasappliedtoinvestigatewhether
therewasasignificantdifferencebetweengendergroupsintheirintentiontoinvestincryptocurrencies.
At-testforindependentsamplesis thefittinginferentialstatistical test toimplementinthiscase
becauseitisusedtodetermineifthereisastatisticallysignificantdifferencebetweenthemeansof
twogroups,distinguishedbyacategoricalvariableandthatareassumedtobeunrelated(Field,2013).

First,equalityofvariancebetweengroupswascheckedtoascertainwhetherthedatasupported
theassumptionofthetest.Resultsshowthatthep-valueassociatedwiththeF-testforequalityof
varianceswas0.423,greater than0.1,whichmeanshomogeneityofvariances.Therefore, equal
variance(pooledt-test)wasusedtotesthypothesis4a.Thep-valueofthet-testwas0.711,greater
than0.1,andthereforeconcludedthattherewasnosignificantdifferencebetweengendergroupsin
theirintentiontoinvestincryptocurrencies.Hypothesis4aisnotsupported(Table7).

Aone-wayANOVAwasalsoappliedandspecificallyusedtodeterminewhetherthereareany
statisticallysignificantdifferencesbetweenthemeansofthreeormoreindependent(unrelated)groups
(Field,2013).Inthisstudy,ithasbeenimplementedtoverifywhetheranysignificantdifferencesexist
regardingtheintentiontoinvestincryptocurrenciesacrossthevariouslevels(groups)ofinvestors
accordingtotheirage,education,andincome.Theequalityofvariancebetweengroups(levels)was
checkedtoseewhetherthedatasupportedtheassumptionofthetest.Resultsoftheone-wayANOVA

Table 6. The summary of the hypothesis test

H Hypothesis statement Result

H1 Attitudepositivelyinfluencestheintentiontoinvestincryptocurrencies Supported

H2 Subjectivenormspositivelyinfluencetheintentiontoinvestincryptocurrencies Supported

H3 Perceivedbehavioralcontrolpositivelyinfluencestheintentiontoinvestincryptocurrencies Supported

H5 Illegalattitudepositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies Supported

H6 Herdingbehaviorpositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies Supported

H7 Perceptionofriskpositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies Supported

H8 Financialliteracypositivelyinfluencesaninvestor’sintentiontoinvestincryptocurrencies Notsupported

Table 7. The summary of ANOVA and t-test

H Hypothesis statement Result

H4a Menaresignificantmorelikelythanwomentoinvestincryptocurrencies Notsupported

H4b Therearenosignificantdifferencesinmeansofintentiontoinvestincryptocurrencies
acrosseducationsegments Supported

H4c Therearenosignificantdifferencesinmeansofintentiontoinvestincryptocurrencies
acrossincomesegments Supported

H4d Therearenosignificantdifferencesinmeansofintentiontoinvestincryptocurrencies
acrossagesegments Supported
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testofequalvariancesforvariableage,education,andincomeshowedthatthedatasatisfiedthe
assumptionofANOVA.Allthep-valuesassociatedwithF-statisticANOVAwere>0.1;thereforethere
werenosignificantdifferencesintheintentiontoinvestincryptocurrenciesacrossage,education,
andincome.Hypotheses4b,4c,and4daresupported,whileH4aisrejected.

5. dISCUSSIoN

Allbehavioralfactorsincludedwithinthetestedmodel,exceptforFL,havebeenfoundtohavea
positiveinfluenceontheintentiontoinvestincryptocurrencies.DespitethatthelackofeffectofFL
canbeconsideredexceptional(otherstudies,indeed,foundpositiveinfluences;seeGuiso&Viviano,
2015),itisworthnoticingthatsomeotherpriorstudiesdidnotfindanysignificanteffectofFLwith
regardtoinvestmentdecisions(e.g.,Arianti,2018).Yet,themeta-analysis(onmorethan200studies)
conductedbyFernandesetal.(2014),ontheinfluenceofFLandfinancialeducationondownstream
financialbehavior,hasshownthatinterventionstoimprovefinancialliteracyexplainonly0.1%of
thevarianceinfinancialbehaviorsstudied.

Withregardtotheotherbehavioralfactors,findingsareinlinewithotherworkssubstantiating
apositiveinfluenceofattitude,subjectivenorms,andperceivedcontrolbehaviorontheintentionto
invest(Ali,2011;Kisaka,2014;Sondari&Sudarsono,2015;Warsame&Ireri,2016),despitenot
specificallyconsideringthecaseofcryptocurrencies,which,for inner technologicalfeaturesand
thehugeuncertaintyinitsfuturedevelopmentforglobaleconomics,requiresspecificinvestigation.

Inparticular, thepositive influenceof attitude explains that investors areprone to invest in
cryptocurrenciesduetothefactthattheyexpectsomebenefits,suchasincreasingtheopportunities
to achieve important goals, raise the standardof living– all in aquickmanner (Gautam,2015;
Mendoza-Telloetal.,2018).However,whoinvestsorhastheintentiontoinvestincryptocurrencies
doesnotalwaysdosoforlegalactivities;indeed,sometimesthesemeansareusedtomasktheir
identityfortransactionsaswellastostoremoneyoutsidelegalchannels(Dyntu&Dykyi,2018;
Joy,2018;Narayananetal.,2016;). Ingeneral, the investment is facilitatedby theperceptionof
havingthecontrolofnecessaryresources,knowledge,andtechnologytoinvestincryptocurrencies
(Arias-Olivaetal.,2019;Shahzadetal.,2018).Theintentiontoinvestinthemisalsofosteredby
thesocialcirclesurroundingtheinvestor;indeed,inlinewithAli(2011)andGazalietal.(2019),
resultsshowedthepeoplewhoareimportanttotheinvestorsortheinfluenceofhim/herthatpush
themtoinvestincryptocurrencies.Thisinter-relationamongpeoplearoundtheinvestor,andthebond
thathe/shehaswiththem,bringstheinvestortorelyonsuggestionsprovidedandtheyfollowtheir
investmentactions–thus,leadingtoherdingbehaviorthathasapositiveinfluenceoninvestmentin
cryptocurrencies(Coskunetal.,2020;daGamaSilvaetal.,2019;Gurdgiev&O’Loughlin,2020).
Thisisacommonphenomenoninfinancialmarketsandthefinancialliteracyoftheinvestordoes
nothaveaneffectinreducingitorontheintentiontoinvestornotincryptocurrencies–inlinewith
Arias-Olivaetal.(2019)andincontrasttoLusardiandMitchell(2014),StolperandWalter(2017),
andBannierandcolleagues(2019).Theconsequenceofthisunrestrainedherdingbehaviorcanbeseen
inthehighvolatilityandshorttrendsthatfeatureinthemarketofcryptocurrencies–asdemonstrated
byLiuandTsyvinski(2018).However,thishighdynamicityofthecryptocurrencymarketdoesnot
discourageinvestors;onthecontrary,theyarecharacterizedbyanexcitement-seekingfeelingwhen
engagingincryptocurrencytrading,leadingtoanincreaseoftheirrisk-seekingbehavior(Aloosh&
Ouzan,2020;Lammeretal.,2019;Pelsteretal.,2019),whichhastheonlyconsequenceofraising
theintentiontoinvestincryptocurrencies.

Insum,theseresultsprovidespecificinsightsabouttheintentiontoinvestincryptocurrencies;
inparticular,inthiswork,somenovelvariablesweretakenintoconsiderationandcomparedwith
priorworks,suchastheillegalattitudevariable,allowingustoprovideacompleteexplanationof
thebehaviorofcryptocurrencyinvestors.Accordingtoamethodologicalpointofview,instead,the
waythisstudyhasbeenconductedovercomesthelimitsofpriorworksintermsof:i)thetheoretical
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backgroundadoptedandvariablestested,andii)thesamplesize,andappropriatenessofthecollected
sample.Withregardtothetheoreticalbackgroundadoptedandvariablestested,theTPBhasbeen
implementedinsteadoftheTRA–overcomingthelimitsofGazalietal.(2019)–leadingtothe
inclusionoftheperceivedcontrolvariable,whichhasbeenwidelyconsideredasthemainexplanatory
factorintheintentiontoinvestinpredictingbehavior(Ajzen,1991;Chang,1998;Maddenetal.,
1992).ThisalsoovercomesthelimitofShahzadetal.(2018)innothavingconsideredtheinfluenceof
subjectivenorms.Yet,theinclusionandtestofthesignificanceofsocio-demographiccharacteristics
offersagreaterunderstandingofwhatinfluencestheintentiontoinvestincryptocurrencieswith
regardtostudiesthathavenotconsideredthem(Arias-Olivaet al.,2019).

Regarding thesocio-demographiccharacteristics, theyoungageof investors in this study is
abit incontrastwith thehigherageof theaverage Italian financial investor;usuallyaround45-
50yearsold,aswasfoundbytherecentstudiesbyFeolaetal.(2019)andLincianoetal.(2018).
However,thisresultismorealignedwithotherstudiesthatsuggestayoungerageofcryptocurrency
investorsthan‘traditional’ones(Hassoetal.,2019).Anothercontradictioncanbeseenalsointhe
educationalvariable;infact,despitethisstudyhavingshownthatrespondentsare,onaverage,people
withaBachelor’sdegree,thestudyofNarmanetal.(2018),devotedtoidentifyingtheprofilesof
cryptocurrencyusersthroughtheanalysisoftheRedditplatform,reportedthattheeducationlevels
ofcryptocurrencyusersareapproximately60%inmiddleschooland30%inhighschool.Fromthis
heterogeneityofresultsandthelackofsignificanceofsocio-demographicsinthiswork(incontrast
withotherscholars,Bannieretal.,2019;Hassoetal.,2019;Lammeretal.,2019),itemergesthat
behavioralfactorsmainlydrivetheintentiontoinvestincryptocurrenciesandthatcryptocurrency
investorsformasegmentthatcrossesthebordersofdifferentlayersofthepopulation.

Finally,thesamplesizeandappropriatenessofthecollectedsampleofferedresultsthatcanbe
consideredasmoresignificantandrobustwiththerespecttothatofGazalietal.(2019),whodeclared
theirresearchsufferedduetoreachingonlyaverysmallsampleofsubjectsforinterview(i.e.,45;
thepresentedworkconsiders275independentinvestors).

6. CoNCLUSIoN ANd IMPLICATIoNS

ThestudyoffersacomprehensiveinvestigationoftheTPBwithregardtotheintentiontoinvestin
cryptocurrencies,thusconsideringtheinfluencesofattitude,subjectivenorms,perceivedbehavioral
control, socio-demographic characteristics (gender, age, education, and income), illegal attitude,
herdingbehavior,perceivedrisk,andfinancialliteracy.Thepreparedquestionnairewasadministered
to275Italianindependentinvestors;thecollecteddatawerethenvalidatedandevaluatedagainst
assumptionsandcriteriabeforebeinganalyzedinaregressiontest.

Theresultsof thestudyconfirmthat theattitude to investing incryptocurrencies– thus the
aspirationtoachieveimportantgoalsandincreasethestandardofliving–andperceivedcontrol–
thusthinkingofhavingtohavethenecessaryresources,knowledgeandhelptousecryptocurrencies
–positivelyinfluencetheintentiontoinvestincryptocurrencies(Arias-Olivaetal.,2019;Gazaliet
al.,2019;Shahzadetal.,2018;Sondari&Sudarsono,2015;WarsameandIreri,2016).Moreover,
oneofthemainvaluesaddedtothisworkhasbeenthediscoverythatcryptocurrencyinvestorsdonot
alwayshavealegalaimwheninvestingincryptocurrencies;sometimestheymayusecryptocurrencies
toexplicitlymasktheiridentityfortransactionsaswellastostoremoneyoutsidelegalchannels.
Equallyimportant,theintentiontoinvestincryptocurrenciesispositivelyinfluencedbytheso-called
subjectivenorms–thustheinfluenceoffamilyandfriends,trustworthypeopleandthemedia–which
leadstoherdingbehaviorofinvestors(Coskunetal.,2020;daGamaSilvaetal.,2019;Gurdgiev
&O’Loughlin,2020)and,asaconsequence,tothehighinstabilityofthecryptocurrencymarket
(Liu&Tsyvinski,2018).Investorsincryptocurrencies,however,arenotdiscouragedbythishigh
dynamicityduetothefactthattheyhavearisk-seekingbehavior(Aloosh&Ouzan,2020;Lammer
etal.,2019;Pelsteretal.,2019).Whathasnotbeenfoundsignificanttowardstheintentiontoinvest
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incryptocurrenciesisfinancialliteracy;thus,thereisnodifferenceintheintentiontoinvestornot
incryptocurrenciesamongpeoplewithdifferentgradesoffinancialknowledge.Thisresult,inline
withotherscholars(Arias-Olivaetal.,2019),leadstotheconclusionthatsomefinancialbehavior
phenomena,suchasherdingbehavior,cannotbereduced–withreference to thecryptocurrency
market–withgreatereducationinfinancialsubjects(seealsoFernandesetal.,2014).Yet,thiswork
provesthattheherdingbehaviorofcryptocurrencyinvestorsisrelatedtotheirpropensitytorisky
investments,increasingtheintentiontoinvestincryptocurrencies;thisrelationwasonlyassumed
fromSenarathne(2019)byusingsecondarydata.

Fromwhathasbeenunveiled,thisstudyofferssolidempiricalresultsthat,finally,establishthat
theTPB,andrelatedfinancialbehaviorvariablesemergingfromtheliterature,isausefulframework
forpredictingthebehaviorofinvestorsincommittingresourcestocryptocurrenciesthroughatest
of all its variables on real independent investors, and also considering their socio-demographic
characteristics.Moreover,intermsofgeographicalscope,thisstudyaddsfurtherevidencethatthe
outlinedrelationships,abouttheTPBvariablesandtheintentiontoinvestincryptocurrencies,are
validindifferentcontexts.Indeed,significantresultsinthisItalianstudyarealignedwiththeone
inSpain(Arias-Olivaetal.,2019),Malaysia(Gazalietal.,2019),andChina(Shahzadetal.,2018).

Futurestudiesshouldconsidertheresultsreachedbythisinvestigation.Departingfromthepositive
influenceofsubjectivenorms,otherresearcherscanenhancethestudybyfocusingonrelatives,friends,
andthemedia,whicharethemaininfluencesaffectingtheintentiontoinvestincryptocurrencies.
Anotheravenueforfutureresearchistoidentifywhetherperceivedcontrolisinfluencedbyother
contextualvariables,suchasthelackofestablishedregulationsaboutcryptocurrencies,whichallows
investorsthefreedomtoactinthecryptomarket.Finally,anothervariablethatcanbeofinterestfor
scholarsinterestedininvestigatingcryptocurrencyinvestors’behavior–andthatsubstantiatesalimit
ofthiswork–istheso-calleddigitalliteracy.Indeed,itwouldbeinterestingtounveilwhethermore
digitallyskilledpeoplearemorepronetoinvestingincryptocurrenciesratherthanthosewithpoor
digitalliteracy.However,itcouldbehypothesizedthatdigitalcurrencywouldhavenothadaneffect,
ifithadbeenincluded,stemmingfromthefactthatthesamplewascomposedofyoungrespondents
(64%under40yearsold)whohadarelevanteducationlevel(84%withaBachelor’sdegreeorhigher)
tounderstandthesignificanceofdigitalcurrencyintoday’sworld.Inthisvein,amoreheterogenous
sample,intermsofsocio-demographicvariables,couldbemoreusefulfortheinvestigationofthe
influenceofthisvariableontheintentiontoinvestincryptocurrencies.Inthisregard,futurestudies
maycollectanswersfrominvestorsfromdifferenteventstoincreasethechancesofdepictingmore
sub-groupsofthesamecryptocurrencyinvestorpopulation.

Basedontheresultsofthisstudy,somepracticalimplicationscouldbesuggested.First,due
tothepositiveinfluencethatsubjectivenormshaveontheintentiontoinvestincryptocurrencies,
communications of stakeholders’ investors, such as social media and academic conferences, are
necessary to increase the awareness of the perils and benefits of investing in cryptocurrencies.
Second,administratorsofcryptocurrencies,owingtotheprovidedresults,cantargetthoseinterested
ininvestingincryptocurrencies;fromthis,theyshouldbecautiousinsegmentingthemaccording
tosocio-demographicfeatures.Indeed,fromthelackofsignificanceofsocio-demographicfeatures
andfinancialliteracy,itemergesthatcryptocurrencyinvestorsarepartofasegmentthatcrossesthe
boundariesthroughoutthepopulation.Inthisvein,administratorsofcryptocurrenciesmustbemore
concernedwiththebehavioralfactorsthatcandiscriminatebetweenactiveinvestorsandthosewho
willnotinvest.However,whatpolicymakersshouldreallytackleinthenearfutureistheanonymity
andregulatoryissues,whichcanallowillegalbehaviors(e.g.,moneylaundering).Inthisregard,it
isstronglythoughtthatthesolutionisnotbanningcryptocurrenciesworldwide.Thecryptocurrency
systemalreadyexistsanditisverydifficult,duetoitsdigitalpillars,forittobedismantled;thus,
avoidinggovernancewillonlypushcryptocurrencyinvestorsanduserstocontinuetheiractivities
withoutbeingtraced.Notallowingthepracticeorallowingitwithoutestablishingrulesonlyhas
theeffectofcreatingdysfunctionsandirregularitiesattheexchanges,suchasfraud,promotionof
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crimeandterrorism,moneylaundering,andotherinefficientphenomena.Inthisregard,centralizing
exchanges,throughcentralbanks,isnotaviablesolutionduetothefactthatdecentralizationisthe
mainpositivefeatureofcryptocurrencyexchange;however,centralbodiescanestablishane-cash
regimebasedonaplatformabletodirectlyexchangecryptocurrencieswithnationalcurrencies,and
allinstitutionsoperatinginthevaluechainshouldbechecked,whichiswhathappenswithbanks
andotherfinancialplayers.
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